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Meet the Basin:
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The Proposition*

Logistic Regression
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*and its Evaluation

Measuring Model Outcomes
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Frequency

The Quest for a Lucky Lag

F1 score

Accuracy, positive F1 score, negative F1 score, ;
and weighted F1score of our benchmark: the |
lag O model '
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Forecasting or False Hope?
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Our benchmark: the lag O model
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Coben's Kappa at lag 5 using logit
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Lag 5 model: right predictions at
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NN

MIEN

N

Frequency
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Did We Just Get Lucky?
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A Peek into the Predictor
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The Forces at Play

scientific reports

OPEN How seas whisper to snow:
teleconnections drive spatio-
temporal variability of snow cover
in Western Himalayas

Shairi kSEngup‘ta ' & Rajarshi Das Bhowmik
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November 2024 was the second warmest November in 123 years in India. What were the main reasons behind this By Shailee Dogra % ,Shimla
and what are its implications for water security and livelihoods?




A Reality Check
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Decolonizing climate action or denying responsibility?

How seas whisper to snow:
teleconnections drive spatio—
temporal variability of snow cover
in Western Himalayas

Shairik Sengupta™ & Rajarshi Das Bhowmile

‘The high imalayas hosta vast eryosphere, citeal for both local and global enviranmental stabilty.
While  faw former studias hava axaomined paint.5cale pracipitation variabilitlas; othars have focused
‘on smow cover (SC trends at e gional scales, We investigate how SC in the Western Himalayas varies
ross spatio-temporalscales; and what factors drive these variabilities. Towards this, we derive a
historical record (1383-2025) of SC forsix high-mountainous watersheds from satelie (Landsst)
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